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Figure IB 

Method of Identifying Clinically Relevant 
Allele Combinations 
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Figure 1C 
Structure of Neural Network 
Training Routine 
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Typical Mapping Neural Network 
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Figure IE: Typical Genetic Algorithm 
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Figure 2 

Method of Predicting Clinical Variables 
Given Genomic Data 
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Figure 3 

Genomic Methods of Screening Patients for 
Clinical Drug Use 
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Figure 4 A 

GA Rolling: Illustration of Infeasible Initial 
Mapping Problem 
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Fisure 4B 
GA Rolling: Illustration of Individual 
Category and its Genes 
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GA Rolling: Illustration of the Mapping 
Used by the Genetic Algorithm 
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Fiaure 4D 

GA Rolling: Illustration of the Use of the 



Genetic Algorithm 
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Figure 5 A 

Use of Functional Genomic Categorizations for 
Predicting Drug Interactions: 
Preliminary Constructs 
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Use of Functional Genomic Categorizations for 
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Intermediate Calculations 
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Figure 6A 

Universal Functional Genomic Categorization: 
Assembly of Categories 




Combine Categories 
Sharing Minimum 
Fraction of Super-threshold 
Genomic Inputs 



L'nixersal Categories 
of Genomic Inputs 



Fisure 6B 

Universal Functional Genomic Categorization 
Calculation of Probabilities: 
Given Information 
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Figure 6C 
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Universal Functional Genomic Categorization 
Calculation of Probabilities: 
Identification of Data 
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